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Problem, research strategy, and 
fi ndings: Local residents often oppose place-
based affordable housing on the grounds that 
such housing will increase crime and decrease 
property values. New York City has actually used 
affordable housing investment as a neighbor-
hood revitalization tool, leading to a positive 
impact on neighborhood property values. 
Households in distressed neighborhoods 
consistently cite crime as a problem, but we 
know little about the impact of housing 
investments on crime. Using a unique set of 
point-specifi c data on affordable housing and 
crime locations between 2002 and 2008 in New 
York City, I estimate a set of regression models to 
identify the effect that affordable housing 
investments have on crime on the block where 
they are situated. I fi nd little evidence that 
affordable housing investments either reduce or 
increase crime on New York City blocks, 
suggesting there are limits to the revitalization 
effects of these subsidies and that crime fears 
about subsidized housing are unwarranted.
Takeaway for practice: Cities with tight 
rental markets such as New York should 
continue to invest in affordable housing 
construction. However, these cities need to fi nd 
ways to expand housing options in higher-
income, less-distressed neighborhoods, or they 
risk exacerbating concentrated poverty and 
further subjecting low-income households to 
unsafe living environments. 
Keywords: affordable housing, crime, New 
York City, housing subsidies, neighborhood 
revitalization

The Limits of Housing 
Investment as a 
Neighborhood 
Revitalization Tool

Crime in New York City

Michael C. Lens

New York City has invested substantially in subsidizing smaller-scale 
housing rehabilitation and construction, focusing on distressed 
neighborhoods, since the mid-1980s. These investments represent 

the largest sustained commitment to affordable housing development by any 
U.S. city (A. Schwartz, 1999, 2010). There is strong evidence that New York’s 
housing investments have had a positive impact on neighborhood property 
values (Schill, Ellen, Schwartz, & Voicu, 2002; A. E. Schwartz, Ellen, Voicu, 
& Schill, 2006). What is not known is whether these investments had any 
impact on neighborhood crime, which is a vital indicator of neighborhood 
distress.

This study presents the results of models designed to capture the effect of 
housing subsidies on crime in New York City’s neighborhoods. First, I provide 
background on New York City’s housing subsidies. The next section summarizes 
prior relevant research. I then detail the data and methods used as the basis of 
this research, while the next section summarizes my analysis of these data. The 
fi nal section describes the implications of these fi ndings for planning practice. 

What did we learn? New York’s housing investments during the mid-
2000s did little to affect neighborhood crime. Particular programs were 
associated with reduced property and low-level, public order crimes, but 
these relationships were not particularly strong. More conclusively, there is 
no evidence for crime increases in any setting, suggesting that fears based on 
the not-in-my-back-yard (NIMBY) concept for subsidized housing construc-
tion are unwarranted. While these fi ndings do not suggest that housing 
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investments can revitalize neighborhoods to the point of 
infl uencing crime patterns, this does not take away from 
the notable success that New York has had in expanding 
the stock of affordable housing while improving property 
values in those communities. Furthermore, there is no 
evidence that housing subsidies in middle- and high-
income neighborhoods resulted in crime increases, 
 discrediting objections to subsidized housing by residents 
in these neighborhoods. 

Cities with tight rental markets, such as New York, 
should continue to invest in affordable housing construc-
tion. However, particularly given the disappointing 
outcomes in terms of neighborhood revitalization, these 
cities need to fi nd ways to expand housing options in 
higher-income, less-distressed neighborhoods, or risk 
exacerbating concentrated poverty and further subjecting 
low-income households to unsafe living environments. 

Background: The New York City 
Context

There is a longstanding debate on how to best deliver 
housing subsidies. Broadly, this pits those who support 
housing mobility programs to allow households to leave 
distressed communities against those who support efforts to 
revitalize the neighborhoods where the poor already live. 
Although this is not always presented as a pure dichotomy 
(many advocates for place-based interventions also promote 
mobility efforts, and vice versa), these are undoubtedly two 
competing notions that lead to fi erce debates in policy and 
planning circles (Briggs, 2008; Deluca, 2012; Goering & 
Feins, 2008; Imbroscio, 2008, 2012). Opponents of supply-
side housing subsidies contend that housing vouchers are 
less costly, offer households more choice, and place recipient 
households in better neighborhoods than do units produced 
with government assistance. On the other hand, policymak-
ers faced with distressed neighborhoods cannot provide 
everybody in the neighborhood with a voucher to move 
out: Efforts must also be made to improve conditions in 
those distressed areas. 

Further complicating the picture is the fact that local 
residents often oppose place-based housing subsidies on the 
grounds that the residents in such housing will increase 
crime and decrease property values. Given the mixed 
empirical evidence, this reputation has not always been 
well deserved. Moreover, government-subsidized housing 
production takes many forms that can have an array of 
effects on surrounding neighborhoods. 

Although virtually all U.S. cities invest in low-income 
housing, New York’s efforts easily represent the most 

comprehensive undertaking by a U.S. local government to 
subsidize its housing stock (A. Schwartz, 1999, 2010). 
New York created more than 230,000 affordable units in 
the city from 1987 to 2008 using more than 100 different 
programs with funding from diverse sources, including city 
capital funds, Low-Income Housing Tax Credits 
(LIHTCs), federal rent subsidies, and city-owned land. 
These units are protected by income restrictions, with most 
created housing units intended for those earning less than 
60% of the area median income (AMI). 

As noted, prior research provides strong evidence that 
these investments had positive impacts on property values in 
the surrounding neighborhoods. Schill et al. (2002) and A. 
E. Schwartz et al. (2006) found that although the properties 
that the city invested in were overwhelmingly located in 
low-income areas, property values surrounding these invest-
ments increased considerably. It is likely that the upgrade of 
distressed properties removed blight that was acting as a 
neighborhood disamenity, reducing property values. 

New York has been motivated by twin goals: expanding 
the stock of affordable housing and encouraging neighbor-
hood revitalization. The vast majority of built or rehabili-
tated units are located in three areas of the city that were 
extremely distressed in the 1980s: the South Bronx, Central 
Brooklyn, and Harlem. Figure 1 shows the concentration of 
these properties in those three neighborhoods under pro-
grams from 2002 to 2008, overlaid with precinct-level crime 
rates in 2008. Notably, the areas with substantial housing 
investment have higher crime rates. 

A handful of specifi c programs are responsible for much 
of the activity between 2002 and 2008. The largest such 
program is the Article 8A loan program, which funded 33% 
of the units in the sample and provides low-interest loans to 
replace major building systems in affordable housing units 
(New York City Department of Housing Preservation and 
Development [HPD], 2010). The average rents and mainte-
nance charges cannot exceed what is affordable for house-
holds earning 55% of AMI. 

The Participation Loan Program (PLP) accounts for 
another 11% of the subsidies under analysis. PLP provides 
loans for moderate to gut rehabilitation of rental housing units. 
City and federal HOME funds are combined with bank 
fi nancing to provide loans below market rate. Figure 2 provides 
before and after photos of PLP investments. As shown, these 
investments substantially change the external appearance and 
livability of these buildings. The remaining units were subsi-
dized through several other programs that range from tax 
credits to reduced-cost land, and assist with constructing or 
rehabilitating renter- and owner-occupied units. 

New York’s housing investment in distressed neighbor-
hoods has been concurrent with dramatic crime declines in 
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Figure 1. Affordable housing investment locations and crime rates.

(Color fi gure available online.)
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Figure 2. Before and after pictures of Participation Loan Program site.
Source: Photos courtesy of L. Racioppo/NYC-HPD.

(Color fi gure available online.)

the city. New York’s homicide rates declined nearly 74% 
between 1990 and 2001, a greater drop from peak levels 
than any other large city (Levitt, 2004). Given New York’s 
housing production programs began in the mid-1980s, this 
crime decline has overlapped with substantial city invest-
ments in housing in distressed neighborhoods. To be sure, 
much of the declines in crime likely have nothing to do with 
housing. Policing methods and demographics also changed 
in New York, as several crime scholars have noted (Fagan, 
Geller, Davies, & West, 2009; Messner et al., 2007; 
 Zimring, 2012). 

Prior Research

Housing researchers have developed and tested theories 
on the relationship between housing and crime for decades. 
In this tradition, much of the focus has been on the failures 

of large public housing developments and the crime and 
disorder that frequently plagued such housing. Jeffery 
(1971) and Newman (1972) early on described mecha-
nisms through which the physical design of public housing 
often contributed to the high crime rates in such housing. 
These authors specifi cally detailed how physical deteriora-
tion can contribute to social disorder and crime. 

Criminologists have frequently focused on crime and 
place, with social disorganization theory and routine activity 
theory providing the most relevant explanations. Social 
disorganization theory as developed by Shaw and McKay 
(1942) outlines how the social characteristics of neighbor-
hoods can lead to community disorganization and 
 delinquency. New York’s housing subsidies inevitably altered 
the social characteristics in target neighborhoods through 
population change, although we do not have precise 
 demographic data on program participants. Occupants of 
the newly subsidized housing may have been more, less, or 
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equally likely to commit or be victims of crimes than 
 previously existing residents. 

Routine activity theory (Cohen & Felson, 1979) suggests 
that land use and physical environment features can be 
altered to reduce the likelihood that offender and target 
routines cultivate the conditions that often lead to predatory 
crime. On the one hand, housing investments could add to 
the number of suitable targets and increase criminal opportu-
nities. On the other hand, the appearance of order brought 
about by investment in abandoned or distressed properties 
could lead residents to behave in more socially acceptable 
ways, in line with the broken windows model of policing and 
order maintenance (Wilson & Kelling, 1982). For both social 
disorganization and routine activity theory, the anticipated 
effects of housing investments on crime are unclear. 

Importantly, these effects may differ by neighborhood 
type. Freeman and Botein (2002) hypothesized that effects 
on crime and property values vary among three housing 
submarkets: wealthy, middle class, and low income. In 
wealthier neighborhoods, government-assisted housing is 
likely of lower quality and has potential to attract lower-
income households than those that currently live there, 
factors that could increase crime. The opposite is true in 
lower-income neighborhoods. In middle-income neighbor-
hoods, these effects are more ambiguous. I have stratifi ed 
neighborhoods into crime and income quartiles to assess 
these potential differential effects. 

The relevant theories are largely ambiguous on the 
relationship between housing investments and crime. Em-
pirically, most studies of the effect of housing subsidies on 
crime have focused on traditional public housing, which 
differs signifi cantly from the subsidies under investigation in 
this study. At least three studies refl ect this, including Ron-
cek, Bell, and Francik (1981) in Cleveland, OH; Farley 
(1982) in St. Louis, MO; and McNulty and Holloway 
(2000) in Atlanta, GA. Each study found fairly weak evi-
dence that public housing contributed to higher crime in the 
surrounding neighborhood. Unfortunately, these studies 
were limited to cross-sectional data that were not ideal in 
establishing a causal link between public housing and crime. 

Two studies provide some evidence on scattered-site 
housing subsidies, which better refl ect the character of the 
subsidies under study in this study, and use time-series 
data. Goetz, Lam, and Heitlinger (1996) looked at the 
effect of converting and creating subsidized multifamily 
housing on crime in the surrounding neighborhoods of 
Minneapolis, MN. Using an interrupted time-series design 
by examining police calls before and after the development 
of these housing units, the authors found that police calls 
from locations near the housing developments decreased 
after community development agencies created subsidized 

housing. However, there was evidence that crime increased 
over time as the developments aged. 

Galster, Pettit, Santiago, and Tatian (2002) examined 
these effects using Denver’s dispersed public housing 
program and neighborhood-level crime data. They used 
time-series data to establish a time trend in neighborhood 
crime rates in Denver neighborhoods, and then provided 
difference in differences (DID) estimates of crime rates in 
neighborhoods with and without scattered-site public 
housing or supportive housing. Galster and colleagues 
found no impacts from dispersed public housing or sup-
portive housing on crime rates in Denver. 

Freedman and Owens (2011) examined the effect of 
the LIHTC on U.S. county crime rates. They exploited a 
discontinuity in the funding mechanism for these tax 
credits (developers receive larger subsidies in census tracts 
just above a set of poverty thresholds) to develop a model 
that allowed them to better estimate a causal relationship 
between the number of LIHTC developments in a county 
and crime. Their fi ndings suggested that LIHTC develop-
ments reduce crime, potentially by acting as a source of 
investment in struggling neighborhoods. 

Unfortunately, much of the existing research on 
subsidized housing and crime examines housing that is 
no longer constructed: large public housing develop-
ments. The most recent and methodologically sound 
studies rely on relatively large geographies as the unit of 
analysis or focus on a specifi c type of subsidized hous-
ing. Furthermore, New York City’s housing investment 
programs are specifi cally designed to revitalize neighbor-
hoods. Here, I evaluate the success of those programs 
using crime as a vital indicator of neighborhood quality.  

Research Approach and Data

To estimate the impact of subsidized housing on crime, 
I use a unique set of point-specifi c data on more than 
39,000 units rehabilitated or created between 2002 and 
2008 and more than 2.5 million crimes committed between 
2004 and 2008 in New York City. Although some would 
suggest that New York is a special case and lacks generaliz-
ability to other urban areas, there is substantial heterogeneity 
between New York neighborhoods. Vacancy rates and prices 
vary widely across the city. Combining this variability with 
the colossal size of New York yields a case study that, in 
some respects, is akin to having multiple cities in my sample. 
Whereas Goetz et al. and Galster et al. analyze 14 and 38 
sites, respectively, I have 4,260 sites at my disposal. 

My unit of analysis is the blockface, which can be 
understood as both sides of a city block. This differs from a 
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census block, which is actually the four street segments you 
could walk (think, walking around the block) without 
crossing the street (Ellen, Lacoe, & Sharygin, 2013). 
Figure 3 provides a graphic representation of blockfaces, 
with comparisons to census blocks. Backyards are relatively 
rare in New York, and city sidewalks are typically where 
you walk to your own housing unit and interact with 
neighbors. You are thus much more likely to be affected by 
construction activity in your neighborhood along your 
blockface than on properties in other locations on your 
census block. This unit of analysis has been increasingly 
used in neighborhood-based research when the data are 
available (Ellen et al., 2013; Raudenbush & Sampson, 
1999). Since the housing data include addresses, and the 
crime data include X–Y coordinates, I am able to aggregate 
these data to the blockface. After restricting my sample of 
blockfaces to those that have residential properties on 
them, I have 74,177 blockfaces and 1,482,884 observa-
tions (20 quarters for each blockface).

The crime dataset supplied by the New York City 
Police Department (NYPD) is an inclusive set of all re-
ported crimes (complaints) to the NYPD from 2004 to 
2008. Crimes were coded into the FBI Uniform Crime 
Report (UCR) Part I crime categories (violent crimes: 
homicide, assault, and robbery [rapes were suppressed in 
these data]; property crimes: burglary, theft, motor vehicle 
theft, and arson) and public order crimes. Public order 
crimes consist of low-level misdemeanor crimes that are 
thought to be a symbol of social disorder in a neighbor-
hood (Skogan, 1990; Wilson & Kelling, 1982), and consist 
of crimes such as loitering, vandalism, and disorderly 

Figure 3. Census blocks and “blockfaces.”

(Color fi gure available online.)

conduct. Table 1 provides descriptive statistics for the 
sample expressed as blockface-quarter means: the average 
number of occurrences of that variable on a blockface over 
the course of a quarter. 

The housing data were provided by the New York City 
HPD and contain information on the date of completion, 
which HPD program was responsible, occupancy type 
(renter or homeowner), ownership status (city or private), 
construction type (moderate or gut rehabilitation, new 
construction), and the number of units. 

I used these data to run a set of regression models 
where I estimate the effect of the number of units subsi-
dized through these programs on crime events on the 
blockface. To do this, I ran several negative binomial1 
models that control for unobserved characteristics of 
blockfaces that do not vary over time using blockface fi xed 
effects, and include precinct-quarter dummy variables to 
control for trends in the precinct surrounding the block-
face. These models allow me to observe the isolated impact 
of housing subsidies on crime, with the characteristics of 
the blockface and precinct-wide crime trends controlled 
for. I also include a set of time-varying blockface character-
istics, including active foreclosure fi lings, vacant buildings, 
the number of building units on the blockface (to control 
for changes in population), stores, churches, LIHTC units, 
and the share of single family housing. These variables were 
selected among the limited number of housing and land 
use variables available at this very small level of geography 
that may also affect the likelihood of housing investments 
and crime occurring on those blockfaces. Unfortunately, 
demographic variables such as race and poverty at the 
blockface level are not available. Unlike the affordable 
housing and crime variables, the blockface-level control 
variables are measured annually.

There are also important selection bias concerns to 
address when estimating these relationships. Most cru-
cially, the housing subsidies were not selected and located 
randomly. As noted, these investments were intentionally 
targeted in areas where crime rates were often the highest. 
Thus, the simplest models would produce results that 
indicate a strong positive relationship between crime and 
housing investments. The fi xed effects models, which 
identify these relationships through variation within 
blockfaces over time, control for the baseline (fi xed) 
characteristics of blockfaces (such as nearby public hous-
ing and demographic characteristics, unless they vary over 
time) and mitigate selection bias. However, it is still 
possible that property investors and city offi cials targeted 
subsidies to neighborhoods and blockfaces where they 
thought crime was poised to decline, perhaps to make the 
programs look effective or to invest in areas poised to take 
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off. Although I cannot fully control for these selection 
processes in my models, I do run tests to show that selec-
tion bias is not likely a signifi cant problem using these 
models. 

The Minimal Effect of Housing 
Subsidies on Crime

The results of several models that estimate the effect of 
housing subsidies have on crime are presented in Tables 
2–4. In Table 2, the three crime types serve as the depen-
dent variables and the number of housing units invested in 
that blockface through that quarter are the independent 
variables. In Table 3, these models are modifi ed by splitting 
the housing units into moderate and gut rehabilitation and 
new construction; owner- and renter-occupied; and city- 
and private-owned stock. Finally, Table 4 shows only 
property crime, and presents the effects within the four 

census tract income quartiles and the four precinct crime 
quartiles separately.

There was no effect on crime from these housing 
subsidies, as the models show.2 The base model is pre-
sented in Table 3, and the fi rst variable of interest is 
cumulative housing units. This variable has a weakly 
signifi cant and negative coeffi cient in the model predict-
ing property crime, but there is no relationship with 
violent and public order of crime. In the last three 
 columns, the independent variable is an interaction term 
between the number of units and a linear time term that 
weights units in inverse proportion to the amount of time 
that has elapsed since potential occupancy. We might 
expect that effects from the initial housing investment to 
dissipate over time. This does not appear to be the case 
since the coeffi cient on this interaction variable is 
 insignifi cant in all models. Further, this lack of signifi cant 
coeffi cients casts further doubt on the likelihood that 
there is a relationship at all. 

Table 1. Summary statistics: averages per blockface per quarter.

Variable N M SD Min Max

Total Part 1 crimes 1,482,884 1.01 3.15 0 216.0

Property crimes 1,482,884 0.885 2.260 0 203.0

Violent crimes 1,482,884 0.275 0.740 0 19.0

Public order crimes 1,482,884 1.57 3.23 0 119.0

Part 1 crimes per 1000 residents, precinct 1,482,884 11.34 9.01 3.3 215.5

Cumulative housing units 1,482,884 0.004 0.087 0 15.8

Completed units per quarter 1,482,884 0.000 0.016 0 11.1

Cumulative city-owned 1,482,884 0.001 0.024 0 1.7

Cumulative privately owned 1,482,884 0.002 0.084 0 15.8

Cumulative owner-occupied 1,482,884 0.001 0.075 0 15.8

Cumulative renter-occupied 1,482,884 0.002 0.045 0 8.7

Cumulative gut rehab 1,482,884 0.000 0.012 0 2.1

Cumulative moderate rehabilitation 1,482,884 0.003 0.084 0 15.8

Cumulative new construction 1,482,884 0.001 0.022 0 1.7

Total units on blockface 1,482,884 0.923 3.535 0 220.5

Residential units 1,482,884 0.881 3.488 0 220.4

LIHTC units 1,482,884 0.010 1.190 0 204.7

Church buildings 1,482,884 0.085 0.351 0 8.0

Store buildings 1,482,884 0.271 0.929 0 49.0

Vacant units 1,482,884 0.430 1.482 0 124.0

Share single family 1,482,884 0.300 0.380 0 2.0

Active foreclosures 1,482,884 0.157 0.585 0 21.0

Active liquor licenses 1,482,884 0.108 0.456 0 19.0

Note: LIHTC = Low-Income Housing Tax Credits.
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Perhaps the fi rst model is too simple in that it com-
bines several types of housing subsidies into one measure 
(the number of housing units) and that the observed effects 
are averaged across several different types of neighbor-
hoods. From the base model, I disaggregate the data in two 
ways: by splitting the housing unit variables into different 
types of housing investment programs and by stratifying 
the neighborhoods by income and crime levels. Table 3 
displays the effects that different types of housing invest-
ments have on property crime on the blockface. Looking at 
the different unit types, some of the property types do 
appear to affect property and public order of crimes, al-
though in confl icting ways. Homeownership and moderate 
rehabilitation programs reduced property crime, and rental 
and moderate rehabilitation programs reduced public order 
crimes. On the other hand, new construction programs 
appeared to lead to higher levels of property crime, with 
these effects also dissipating over time. In all, there are a 
small number of signifi cant coeffi cients among several 

models, with the results from one of the programs 
 suggesting increased crime.   

To test the theory that different neighborhoods 
 respond to affordable housing investments in different 
ways, I divided the sample into quartiles based on the 
census tract’s 2000 median household income and, in 
another set of models, into quartiles based on the precinct 
crime rate. Overall, these investments were concentrated in 
more distressed neighborhoods: about 65% were located in 
neighborhoods in the top crime and bottom income 
quartiles, but approximately 15% of the units were located 
in census tracts with income above the city median or 
precincts in the lowest half of the city’s crime distribution. 

Table 4 shows the results from samples stratifi ed by 
income and crime quartiles. The relationship is negative yet 
insignifi cant in all of the quartiles aside from the highest 
crime and lowest income quartiles, where it is only signifi -
cant at the 10% level. There is a lot of overlap between 
low-income and high-crime neighborhoods, but many 

Table 2. Housing subsidy effects on crime by crime type.

Dependent Variable

Property 
Crimes

Violent 
Crimes

Public Order 
Crimes

Property 
Crimes

Violent 
Crimes

Public Order 
Crimes

Cumulative housing units (00s) –0.074∗ –0.0295 –0.0558

(0.0448) (0.0503) (0.042)

Number of post-quarters × housing units –0.0159 –0.0269 –0.1018

(0.0752) (0.0883) (0.0878)

Total property units (00s) 0.0027 –0.0011 –0.0019 0.0027 –0.0011 –0.0019

(0.0017) (0.002) (0.0024) (0.0017) (0.002) (0.0024)

LIHTC units –0.0026∗∗ –0.0013 –0.0001 –0.0026∗∗ -0.0013 –0.0001

(0.0012) (0.0017) (0.0011) (0.0012) (0.0017) (0.0011)

Number of stores 0.0032 –0.0137∗∗ 0.003 0.0032 –0.0136∗∗ 0.003

(0.0041) (0.0057) (0.0044) (0.0041) (0.0056) (0.0044)

Number of churches 0.0345∗ –0.0002 0.0092 0.0344∗ –0.0003 0.009

(0.0199) (0.0279) (0.0197) (0.0199) (0.0279) (0.0197)

Number of vacant properties –0.0056 0.0042 –0.0002 –0.0055 0.0042 –0.0002

(0.0044) (0.006) (0.004) (0.0044) (0.006) (0.004)

% Single-family 0.0658 –0.1232 –0.1028∗∗∗ 0.0657 –0.1233 –0.1028∗∗∗

(0.0436) (0.0788) (0.0385) (0.0436) (0.0788) (0.0385)

Number of active foreclosures 0.0013 0.0154∗∗∗ 0.0034 0.0013 0.0153∗∗∗ 0.0033

(0.0033) (0.0044) (0.0029) (0.0033) (0.0044) (0.0029)

Number of active liquor licenses 0.0083∗ 0.0029 0.0011 0.0082∗∗ 0.0029 0.0011

(0.004) (0.0055) (0.0039) (0.004) (0.0055) (0.0039)

Observations 1,482,884 1,482,884 1,482,884 1,482,884 1,482,884 1,482,884

Note: Standard errors are in parentheses. All models are negative binomial specifi cations that include blockface fi xed effects and precinct × quarter 
time trends.
∗p < .1 ∗∗p < .05 ∗∗∗p < .01
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blocks are in high-income tracts and low-crime precincts and 
vice versa. These results suggest that housing subsidies were 
even remotely effective at reducing crime only in the most 
distressed neighborhoods. Importantly, although there were 
no positive effects in high-income or low-crime neighbor-
hoods, there is also no evidence that crime increases resulted 

from affordable housing investments. Thus, NIMBY-related 
fears of crime in those neighborhoods resulting from hous-
ing subsidy benefi ciaries are unwarranted.  

As mentioned previously, these subsidies may have 
been targeted to areas where investors and city offi cials 
expected crime to decline. If that was the case, my results 

Table 3. Housing subsidy effects on crime by crime and housing unit type.

Dependent Variable

Property 
Crimes

Violent 
Crimes

Public Order 
Crimes

Property 
Crimes

Violent 
Crimes

Public Order 
Crimes

Specifi cation 1: City and private-owned properties

 City-owned units (00s) 0.0017 0.0206 0.0431

(0.1329) (0.1485) (0.1185)

 Private-owned units (00s) –0.0863∗ –0.0364 –0.0697

(0.0478) (0.0542) (0.0438)

 Number of post-quarters × city-owned 0.2453 –0.0039 0.0223

(0.2817) (0.3208) (0.2799)

 Number of  post-quarters × private-owned –0.0405 –0.0279 –0.1012

(0.0758) (0.09) (0.0845)

Specifi cation 2: Homeownership and rental programs

 Homeownership units (00s) –0.1503∗∗ –0.0169 0.0295

(0.0741) (0.0798) (0.0598)

 Rental units (00s) –0.0362 –0.0446 –0.1263∗∗

(0.0598) (0.0716) (0.063)

 Number of post-quarters × homeownership –0.1361 –0.022 0.0504

(0.1111) (0.1174) (0.0898)

 Number of post-quarters × rental 0.0888 –0.0752 –0.2717∗

(0.1296) (0.1622) (0.1421)

Specifi cation 3: Gut and moderate rehab, new construction

 Gut rehab units (00s) –0.2038 0.1518 0.1404

(0.2807) (0.3355) (0.2578)

 Moderate rehab units (00s) –0.1132∗∗ –0.0497 –0.0899∗∗

(0.0486) (0.0542) (0.0441)

 New construction units (00s) 0.2751∗∗ 0.1184 0.1673

(0.137) (0.1585) (0.1168)

 Number of post-quarters × gut 0.0138 0.0745 0.1553

(0.5069) (0.5732) (0.5047)

 Number of post-quarters × moderate –0.0702 –0.0194 –0.1194

(0.0767) (0.0919) (0.0864)

 Number of post-quarters × new 0.4979∗ –0.1672 0.0327

(0.2651) (0.3064) (0.2487)

 Observations 1,482,884 1,482,884 1,482,884 1,482,884 1,482,884 1,482,884

Notes: Standard errors are in parentheses. All models are negative binomial specifi cations that include blockface fi xed effects and precinct × quarter 
time trends. Models also control for the total number of residential and commercial units, low-income housing tax credits units, churches, stores, 
vacant buildings, the share of single-family residences, active foreclosures, and active liquor licenses, all measured annually.
∗p < .1 ∗∗p < .05
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could be obscuring potential crime increases resulting from 
these programs. To test for selection bias, I ran models that 
identify whether trends in crime predicted where these 
housing investments took place. In these models, crime 
becomes the independent variable (three crime types in 
three models), and I control only for the total number of 
units as a population control. The crime variables are 
lagged two years to refl ect the time horizon that is likely to 
transpire between the time that the subsidy decision is 
made and occupancy is feasible. These results can be found 
in the online Technical Appendix, and the coeffi cients are 
very far from being signifi cant. I conclude from these 
results that selection bias is not likely a serious limitation. 

Implications for Housing Policy

Taken together, these fi ndings suggest that New 
York’s housing investments during the mid-2000s did 
little to affect neighborhood crime. Particular programs 
affected property and public order crimes, but there were 
confl icting results and most models suggested that these 
relationships were not particularly robust. More conclu-
sively, there is no evidence for crime increases in any 
setting, suggesting that NIMBY-based fears of subsidized 
housing construction are unwarranted. 

Neighborhood safety is a top concern among house-
holds that live in distressed neighborhoods. While it is 
disappointing that New York’s substantial efforts in 
affordable housing development and neighborhood 
revitalization have not yielded tangible effects on crime, 
this does not mean that such efforts were wasteful. First, 
in cities such as New York with tight, expensive rental 
markets, expanding the stock of affordable housing is 
vital. Second, using these investments to revitalize dis-
tressed neighborhoods has proven to be successful when 
measured against other important, non-crime objectives. 
Previous research has shown a positive impact on neigh-
borhood property values from New York City’s housing 
subsidy program (Schill et al., 2002; A. E. Schwartz et al., 
2006). Thus, there is tangible evidence that housing 
investments can have important positive neighborhood 
effects beyond housing quality. 

However, targeting these investments to low-income 
households in distressed neighborhoods has its drawbacks. If 
the revitalizing features of these investments are limited, then 
these subsidies could perpetuate (and even exacerbate) con-
centrated poverty. As New York continues to invest in afford-
able housing development, and as several neighborhoods 
become more and more out of reach of low-income house-
holds, the city should increasingly target these investments in 
higher-income neighborhoods. Alternatively, they could focus 

Table 4. Housing subsidy effects on property crime by neighborhood income and crime.

Lowest Income 
Quartile

25–49th Income 
Quartile

50–75th Income 
Quartile

Highest Income 
Quartile

Cumulative housing units (00s) –0.0903∗ –0.0477 –0.4585 –0.0052

(0.0534) (0.0746) (0.8405) (0.1747)

Post-quarters × housing units –0.0289 –0.0475 –0.3599 0.1409

(0.1043) (0.1161) (1.7966) (0.2988)

Observations 348,796 374,268 378,612 358,848

Highest Crime 
Quartile

50–75th Crime 
Quartile

25–49th Crime 
Quartile

Highest Crime 
Quartile

Cumulative housing units (00s) –0.1564∗ –0.0642 –0.0453 –0.0734

(0.0831) (0.0771) (0.0822) (0.1745)

Post-quarters × housing units 0.104 –0.0273 0.2204 –0.4209

(0.172) (0.0972) (0.1959) (0.271)

Observations 323,471 367,680 389,194 402,539

Notes: Standard errors are in parentheses. All models are negative binomial specifi cations that include blockface fi xed effects and precinct × quarter 
time trends. Models also control for the total number of residential and commercial units, low-income housing tax credits units, churches, stores, 
vacant buildings, the share of one-family residences, active foreclosures, and active liquor licenses, all measured annually. 
∗p < .1
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on ways to combine these subsidies with investments in public 
safety, education, and community and economic development 
that are likely to have stronger revitalizing effects. Programs 
such as the Harlem Children’s Zone and Choice Neighbor-
hoods refl ect this type of multifaceted neighborhood invest-
ment. More research is needed on these programs and crime 
effects, including qualitative research to shed light on particu-
lar aspects and mechanisms of such programs that appear 
most effective in limiting crime.
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Notes
1. Negative binomial models are the ideal choice (rather than a more 
common model such as ordinary least squares [OLS]), given the distribution 
of the crime variable, which is strongly skewed toward zero. For more on the 
empirical strategy, see the online supplemental data (Technical Appendix). 
2. Although the coeffi cients are not signifi cant, the model fi t (which is 
normally presented using R 2, but there is not an ideal version for 
negative binomial models) is good. All of the models have likelihood 
ratios well above the critical chi-square values, allowing us to reject the 
null hypothesis that the model is not explaining the variance in crime.
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